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Figure 2. Structure design of attention neural network, where VGG block is designed to extract feature
map, channel-wise attention module is utilized to involve channel-wise context information, and
multi-layers of attention modules are used to build hierarchy structure.
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Figure 3. Input samples and corresponding intermediate results for low-, middle-, and high-level
visual representations of feature maps extracted by the proposed network.
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https://shairozsohail.medium.conatsurveyof-visualattention-mechanismsan-deep-learning1043eb25f343
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Khattar, Dhruv, et al. "Mvae: Multimodal variational autoencoder for fake news
detection." The world wide web conferenc2019.
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Zambelli, Martina, Antoine Cully, and Yiannis Demiris. "Multimodal representation models for prediction and
control from partial information.'Robotics and Autonomous Systeh2s (2020): 103312.
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1 | : 1 |
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Standard convolution

The attention model run in parallel to the convolution operation. The blue/pink and orange/green maps represent the different results
for each head. (Image: Bello et al))

https://www.lyrn.ai/2019/05/03/attention-augmented
convolutionathetworks/
https://arxiv.org/pdf/1706.03762.pdf
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Marmiv nfodel mo d e |

"...trying to understand perception by studying only neurons is like
trying to understand bird flight by studying only feathers. It cannot
be done" - David Marr (1982/2010, p. 27)

source:https://cultureandcognitionreadingqgroup.wordpress.com/2017/03/15/we#k-
krakaueret-al-2017-neuroscienceneedsbehaviorcorrectinga-reductionisthias/
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Fig. 1 — Block diagram of a typical cognitive vision system
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