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MILP for computing SE for two-player extensive-form game with
perfect recall:
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Recall the MILP program Stackelberg equilibrium and compare it
to the LP for correlated equilibrium:

m we maximize the expected utility of the leader

m we restrict the joint probability distribution so that the
follower plays a pure strategy

m there are no incentive constraints of the leader

We can compute a Stackelberg equilibrium if we modify an
algorithm for computing an optimal correlated equilibrium.
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We can reformulate the MILP program as a single LP:

rggg 0(51,52)U1(81,82)
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Properties:

m the objective is the same as in the MILP case (or multiple
LPs) case,

m strategy o does not necessarily corresponds to Stackelberg
equilibrium (the follower can receive multiple
recommendations that are best responses).
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u2

We can define a Stackelberg extension of EFCE [2] — the leader (1)
controls the correlation device, (2) sends signals to the follower,
(3) maximizes her expected utility.
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We can follow the same steps [3]:

runtime [s]

consider an algorithm for computing an optimal EFCE in an
EFGs

remove the incentives constraints of the leader
add objective to maximize the expected value of the leader

restrict the recommendations to the follower so that only a
unique action in an information set
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